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Length of Sales VS Sale-Through %
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Calorve. Sale-Franch Category Level vs. Sale-Through Season |D vs. Sale-Through
- 14000 Our analysis revealed that the rate of which Gilt’s looks sell out has been steadily declining since 2008.
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We observed a 565% increase in total looks sold from 2009 to 2015. Despite this sharp rise in the overall
number of looks sold per year, the average rate of sale-through is declining consistently.
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6000 Spring is historically the most popular month of sales by volume during each year, however the average

4000 sale-through ratio for Spring 2015 was 48% lower than Spring 2009.
I I I I I _ _ — = - Total Number of Looks Sold Per Year Based on our analysis, we have concluded that in
o order to boost critical sale-through ratio
- - - Season ID of the look

8305806370 71dcdf6i77 fbl2cDB8ael 3d197h2c27 15230fd665 93c47ccco8 4700096713 1f79d0117a bl71c60054 percentages, Gilt will need to focus on the
Important components that make their core
business model unique.
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To achieve high sale-through averages
throughout each year, Gilt will need to advance
their inventory forecasting techniques. The
reason Gilt needs to focus on inventory
management, is because of declining sale-
through percentages despite a rise in the number
of looks sold per year. These findings suggest
that Gilt overestimates the amount of inventory it
needs per season and per year. Proper inventory
: —— h : ) : management and forecasting will lead to more
mSoldout mNot soid out mSoicout mNorsaidous a Soidout W Notsoldour f—— w .. profitable periods for Gilt, by increasing the all
Important sale-through ratio.
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