The Luxury of Increased Sales for Gilt.com

Optimization of Looks Available

Increasing Sell-Through via Monthly Recommendations

We have determined that there is a negative correlation between the amount of looks Gllt.com sells each
month and the average sell-through rate per day. The below three-step analysis will result in suggested
revisions of Gilt.com’s “supply” -- or looks sold -- for each month to optimize higher sell-through rates.

Daniel Kennedy & Edward Urwin

For the purpose of this analysis, the variable entitled “sale look st rate” was transformed to account for not only how much of a look sold, but how quickly it sold. Our new variable, referred to as “Sell-Through Rate per day” was calculated by dividing the
“sale look st rate” by the exact amount of days the look was sold. Also, after exploratory analysis was conduced on the data, two groups of responses were removed because they were deemed potentially damaging to the overall quality of the models.
These two removed groups were those data that were missing either Unit Price or MSRP (71 records), and those that had selling prices above the MSRP (5 records). In total, these two removed groups only composed 0.0019% of the total data set.

Sell-Through Rate

The most vital metric for Gilt.com

As shown below, the Sell-Through Rate per Day has been dropping steadily since early 2013.
This 1s problematic because the looks that Gilt.com puts on the market are taking longer to sell.
This 1s largely a function of Gilt.com’s increasing supply of looks sold over the same time
period. This relationship 1s detailed in “Optimization of Looks Available™ to the left. Below,

Learning from Successful Looks

Random Forests and Subsequent Analysis

In the below analysis, we looked at the behavior of two different groups: those looks that sold-through at a

per-day rate of 40% or higher, and those that performed lower than 40%. Within the data set, looks at or

exceeding a 40% sell-through rate per day comprised 32.7% of all looks. After determining the variables that
had the most impact, we drilled down deeper to determine the factors that distinguished the two groups from
one another.

we will discuss the importance of the Sell-Through per day metric and highlight the benefits for
Gilt.com if this decline could be reversed.

Sell-Through per Day (Average) by
Monthly Amount of Looks Sold

As shown on the left, as the
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in tandem would likely produce an even more advantageous result.

Improved sell-through rate per day would reduce costs in several ways: Inventory expenses and

carrying costs would be reduced as more items within each look are sold. This would, in turn,

simplify Gilt.com’s supply chain by offering savings in logistics and fulfillment. Finally,

administrative time spent updating the website would be reduced by selling a smaller number of

looks at any given time. This would reduce cognitive jamming effects that may limit customers’ 1
willingness to make a purchase due to too many options being presented at once. Reducing the 17.71%
amount of looks sold would also improve customer experience on the website, improving brand

loyalty and enhancing customer retention in the long run.

On the left is our
recommendation for the amount
of looks Gilt.com should sell to

attain a sell-through rate per day
of 40%.

Recommended Look to Sell, Monthly
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40% was chosen due to the fact 1455 461 8147 198 4
that this was the when the rate
was at its strongest from 2010 to
2011. Any desired sell-through
rate per day could be attained
using the same formulas. The
process to attain a different

sell-through rate is:
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Key Takeaways:

o There are several important attributes that can be controlled in order to increase the likelihood that a given

Further Research

450 look will sell-through at a higher (> 40%) rate per day. Gilt.com can use this information to make more

400 optimal decisions in regard to which looks they offer and how they are priced. As shown by the above chart

While these conclusions have meaningful value, they are by no means conclusive. Based on the of importance, the main factors that distinguish which looks are > 40% in sell-through rate per day are:

existing data, if other variables such as cost of goods sold and actual amount of units sold within each
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index.

forward to conducting further analyses to help Gilt.com streamline its business by reducing costs and
increasing profitability.

Looks with higher discounts (both nominal and percentage) and lower prices were more likely to sell
through at a per-day rate of 40% or higher.



